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The sparse tiling of D and &€ with tiles L; and ﬁj, respec-
tively.
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e F is covered by the eight Sj = 7_Zj x1 Lj, 7 € [8], guar-
e anteeing sparsity 0 = Ay = Ay = 5, v = 1 for D and &,
respectively. This yields N = 8 x 2 = 16.
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factorization approach [6|. The number of required servers
with the same computation and communication cost:
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e The achievable gain in the number of required servers:
~ 47%.



